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Abstract: The inevitable random frequency differences among semiconductor lasers present13

an obstacle to achieving their collective coherence, but previous worked showed that fully14

(all-to-all) coupled networks can still be synchronized even in the weakly coupling regime. An15

outstanding question is whether sparsely coupled network structures exist that lead to strong16

synchronization. This paper gives an affirmative answer: optimal sparse coupling configurations17

can be found which enables near-complete synchronization. Quite surprisingly, with respect18

to synchronization, certain sparse networks can outperform fully coupled networks, when the19

weights of coupling are placed dominantly on the laser pairs with large frequency differences. The20

counterintuitive phenomenon can be explained by a thermodynamic potential theory that maps21

the time-delay-induced phase dynamics to an energy landscape. These findings suggest a scalable22

and cost-effective approach to achieving robust, steady-state synchronization of semiconductor23

lasers in the presence of disorder and noise.24

1. Introduction25

Synchronization, the spontaneous alignment of phases and frequencies among interacting26

oscillators, is a fundamental phenomenon underlying the collective behavior of diverse physical,27

biological, and engineered systems [1–7]. An important application is laser synchronization,28

i.e., frequency and phase locking of coupled lasers, to generate an intense coherent beam [8–13].29

Over the years, various coupling schemes have been developed for lasers, e.g., nearest-neighbor30

coupling, long-range coupling, global or all-to-all coupling [14–24]. More recently, laser arrays31

with non-Hermitian coupling [25–29] or supersymmetry [30,31], as well as topological insulator32

laser arrays [32,33], have been realized. A major obstacle to synchronizing a large number of33

lasers is intrinsic frequency detuning among the lasers. While the all-to-all coupling structure is34

most efficient for laser synchronization, it is hard to implement for a large array. In this regard,35

semiconductor lasers are of particular interest as their compact size and high efficiency enable a36

large-scale integration. How to achieve synchronization of semiconductor lasers with minimum37

coupling cost is the question to be addressed here.38

For complex networks of nonlinear oscillators, the network topology can be optimized for global39

synchronization [5–7, 34–46]. For non-identical Kuramoto oscillators, the synchrony-optimized40

coupling architectures were identified and the stability was analyzed [47–55]. Coordinated41

removal of network links was shown to stabilize synchronization by making the completely42

synchronized state the sole attractor, leading to sparsity-driven synchronization [56]. These43

findings suggest the possibility of optimizing the connectivity of a sparse laser network for44

global synchronization, but the question remains outstanding of whether such optimal sparse45

network structure exists. Experimentally, selective connectivity is feasible by programmable46



laser coupling with a spatial light modulator (SLM) [57].47
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Fig. 1. Schematic diagram of laser coupling architectures. (a) Programmable laser
coupling via SLMs. (b–d) Candidate coupling structures for synchronization under
frequency disorder: long-range, short-range, and selectively sparse configurations.

This work provides an affirmative answer to this question. In particular, we investigate the global48

synchronization in sparsely coupled networks of semiconductor lasers with random frequency49

detuning. Previous works revealed that the linewidth enhancement factor, which couples the50

field amplitude fluctuations to phase, can destabilize the phase synchronization [58–60]. A51

recent theoretical study suggested that introducing disorder to the time-delay of laser coupling52

to counter-balance the frequency disorder can enhance synchronization [11]. Our focus is on53

finding the optimal sparse coupling configuration for frequency and phase locking. We begin by54

solving the Lang-Kobayashi equations systematically for semiconductor lasers with time-delayed55

coupling [61] and calculating the order parameter characterizing synchronization. We then56

exploit an island-based genetic algorithm to identify the optimal sparsity of laser coupling that57

maximizes the order parameter, which decreases as the number of lasers increases. This has58

led to some optimal sparse networks with near-perfect in-phase synchronization. We find that59

the optimal sparse networks share a common feature: the laser pairs with larger frequency60

difference are more likely to connect. For example, the lasers with larger frequency detuning61

from the mean frequency have more connections, preferably to the lasers with opposite frequency62

detuning. Surprisingly, the optimal sparse networks outperform the homogeneous all-to-all63

coupled networks in synchronization, sustaining robust frequency and phase locking even with64

substantial variations in natural lasing frequencies. We develop a thermodynamic potential65

theory to explain these phenomena, wherein the delayed phase dynamics are recast as a gradient66

flow on a potential landscape with the steady states corresponding to the local minima. The67



theory predicts that the optimal sparsity is inversely proportional to the number of lasers, which68

agrees with the numerical results. Our findings suggest the efficacy of strategically designed69

sparse topologies in mitigating intrinsic disorders through selective connectivity, pointing toward70

a resource-efficient and experimentally feasible route for large-scale laser synchronization.71

2. Results72

2.1. Model description and parameter setting73

Figure 1(a) illustrates a laser array coupled externally through an SLM. The array is at the front74

focal plane of an optical lens and the SLM is placed at the back focal plane. The lasers at75

different transverse locations are coupled via the gratings of corresponding periods on the SLM.76

The coupling is delayed by the round-trip time 𝜏 between the SLM and the laser array. Light77

reflection from the SLM forms an external cavity with resonant frequencies separated by 1/𝜏. In78

the absence of the SLM, each laser operates in a single longitudinal and transverse mode. Their79

intrinsic lasing frequencies deviate randomly due to the inevitable heterogeneity generated, e.g.,80

during the manufacturing process.81

A network of externally coupled semiconductor lasers with gain saturation and amplitude-phase82

coupling is mathematically described by the Lang-Kobayashi (LK) equations [11, 61]:83

𝑑𝐸𝑖 (𝑡)
𝑑𝑡

=
1 + 𝑖𝛼

2

(
𝑔
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, (2)

where 𝐸𝑖 (𝑡) is the complex electric field of the 𝑖th laser and 𝑁𝑖 (𝑡) is its carrier number at the84

pump rate 𝐽0 = 4𝐽th with 𝐽th = 𝛾𝑛 (𝑁0 + 𝛾/𝑔). Here, 𝛾𝑛, 𝑁0, 𝛾, and 𝑔 represent the carrier decay85

rate, the carrier number at transparency threshold, the cavity loss rate, and the differential gain86

coefficient, respectively. The typical values of these parameters are 𝛾𝑛 = 0.5 ns−1, 𝑁0 = 1.5×108,87

𝛾 = 500 ns−1, and 𝑔 = 1.5 × 10−5 ns−1. The linewidth enhancement factor that characterizes88

the amplitude-phase coupling is 𝛼 = 5, and the gain saturation is described by 𝑠 = 2 × 10−7.89

The external time delay is set to 𝜏 = 3 ns. The natural frequency detuning of the 𝑖th laser is90

Δ𝑖 = 𝜎Δ N(0, 1), where 𝜎Δ is the magnitude of frequency detuning and N(0, 1) is a Gaussian91

random variable with zero mean and unit variance. The reference 𝜔0 of the natural angular92

frequencies is chosen to satisfy 𝜔0𝜏 = 2𝑁𝜋, where 𝑁 is an integer and selected to be closest93

to the mean of all laser frequencies. For convenience, we number the lasers by their frequency94

detuning from low to high: Δ1 ≤ Δ2 ≤ ... ≤ Δ𝑀 . (This numbering scheme is not related95

to the spatial distance between the lasers.) Spontaneous emission is introduced to the LK96

equations as noise for the electric field, ⟨𝐹𝐸𝑖
(𝑡), 𝐹∗

𝐸 𝑗
(𝑡′)⟩ = 𝑅𝑠𝑝𝛿𝑖 𝑗𝛿(𝑡 − 𝑡′), where 𝑅𝑠𝑝 is97

the spontaneous emission rate. Stochastic fluctuations in the carrier dynamics are given by98

⟨𝐹𝑁𝑖
(𝑡), 𝐹𝑁 𝑗

(𝑡′)⟩ = 𝛾𝑛𝑁𝑖 (𝑡)𝛿𝑖 𝑗𝛿(𝑡 − 𝑡′).99

With external coupling, the electric field of the 𝑖th laser is 𝐸𝑖 (𝑡) = 𝑟𝑖 (𝑡)𝑒𝑖Ω𝑖 (𝑡 ) , where 𝑟𝑖 (𝑡)100

is the time-varying amplitude and Ω𝑖 is the phase. The short-term frequency Δ̃𝑖 is extracted101

from linear fitting Ω𝑖 (𝑡) = Δ̃𝑖 𝑡 + 𝜑𝑖 (𝑡) over a short time window around 𝑡, and 𝜑𝑖 (𝑡) is phase102

fluctuation. Complete synchronization, encompassing field amplitude, frequency, and phase,103

is quantified by the order parameter ⟨𝑆⟩ = ⟨|∑𝑀
𝑖=1 𝐸𝑖 (𝑡) |2/[𝑀

∑𝑀
𝑖=1 |𝐸𝑖 (𝑡) |2]⟩ ∈ [0, 1], where104

⟨𝑆⟩ = 1 corresponds to all lasers having identical field amplitude, frequency and phase. Note105

that typical phase locking requires only the relative phase between lasers to be constant. A zero106

relative phase corresponds to in-phase locking. Note that, in-phase-locked lasers will produce a107



single lobe of highest intensity in the far field via constructive interference, which is often needed108

for applications.109
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Fig. 2. Optimal synchronization state and coupling configuration for 𝑀 = 24 lasers.
(a) Connectivity resonance in sparse networks with frequency disorders: shown
are ⟨𝑆⟩ values from 1000 random sparse networks for different 𝜒 values, with the
orange curve being the average. The red star marks the high value ⟨𝑆⟩ = 0.96 in
an optimized sparse network for 𝜒∗ = 0.4 found by a genetic algorithm. The blue
curve represents the benchmark corresponding to the homogeneous all-to-all coupling,
defined by 𝐾𝑖 𝑗 = 𝜅(1 − 𝛿𝑖 𝑗 ). (b) Spatiotemporal evolution of the phase function
cosΩ𝑖 (𝑡) of the laser field and (c) time series of the normalized total field intensity
𝐼tot for the optimal sparse network. (d) Scatter plot of the final frequencies 𝑓final of
the synchronized lasers versus their initial mean ⟨ 𝑓initial⟩ for 100 frequency-disorder
realizations, corresponding to 100 data points, respectively. The final frequencies are
quantized in intervals of 𝑁/𝜏. Points below the dashed line indicate that the final
frequency is statistically lower than the initial mean frequency. Parameter values are:
pump rate 𝐽0 = 4𝛾𝑛 (𝑁0 + 𝛾/𝑔) ≈ 3.67 × 108 ns−1 and 𝜎Δ = 14 rad/ns.

2.2. Optimal sparse laser networks with stronger synchronization than all-to-all coupled110

networks111

We begin with random sparse networks of lasers. Staring from an all-to-all coupled network of112

lasers with identical coupling coefficient, we randomly remove some links, leading to a sparsely113

coupled network, as illustrated in Fig. 1(d), where the coupling coefficients are 𝐾𝑖 𝑗 = 0 or 1 ns−1
114

and self-feedback is ignored (𝐾𝑖𝑖 = 0. The network connectivity is defined as the ratio between115



the total number of links and the maximally possible number of links:116

𝜒 ≡
∑︁
𝑖, 𝑗

𝐾𝑖 𝑗/[𝑀 (𝑀 − 1)𝜅 𝑓 ] (3)

with coefficient 𝜅 𝑓 = 1 ns−1 to explicitly include the physical unit ns−1. We simulate the dynamics117

of the sparse network for 𝑡 ∈ [0, 100] ns and calculate the order parameter ⟨𝑆⟩ for 𝑡 ∈ [50, 100]118

ns to avoid transient dynamics. We repeat the calculation for different random networks with119

the same connectivity 𝜒. The orange symbols in Fig. 2(a) represent ⟨𝑆⟩ values for individual120

networks and the orange curve is the average ⟨𝑆⟩ over all random configurations of the same121

𝜒. As 𝜒 increases continuously from zero to one, ⟨𝑆⟩ first increases rapidly and then decrease122

gradually. The maximum value of ⟨𝑆⟩ gives the optimum connectivity 𝜒∗ for synchronization123

resonance in terms of connectivity, which we refer to as connectivity resonance.124

Synchronization resonance also occurs as a function of the coupling strength in homogeneous125

all-to-all networks [60]. In particular, coupling resonance is robust to the network structure,126

including inhomogeneous networks, as shown in SI Sec. 1. For comparison, we simulate the127

homogeneous networks with all-to-all coupling 𝐾𝑖 𝑗 = 𝜅 for 𝑖 ≠ 𝑗 but with no self-feedback.128

The lasers have the same frequency disorder as for the sparse case. The blue curve in Fig. 2(a)129

shows that the order parameter ⟨𝑆⟩ first increases with the coupling strength 𝜅 and then decreases130

slightly, leading to an optimum 𝜅∗. To compare with the randomly connected sparse networks,131

we define the coupling cost as the sum of all coupling coefficients. With the same coupling cost,132

⟨𝑆⟩ for all-to-all coupling is slightly higher than the average ⟨𝑆⟩ of random sparse networks.133

However, a few random sparse network configurations have larger ⟨𝑆⟩ than the maximum value134

achieved by the all-to-all network. Furthermore, connectivity resonance is consistently observed135

across different frequency disorders and initial seeds, as detailed in SI Sec. 2.136

The result in Fig. 2(a) suggests that some sparse network may be optimized to outperform137

homogeneous all-to-all coupled networks in terms of synchronization. To find such optimal138

sparse networks, we fix the network connectivity at 𝜒∗, set the coupling coefficient as that for139

the random networks in Fig. 2(a), and use an island-based genetic algorithm to search for the140

coupling configuration that gives the highest possible value of ⟨𝑆⟩. For 𝑀 = 24 lasers, the141

maximum ⟨𝑆⟩ value is about 0.96 for 𝜒∗ = 0.4, as indicated by the red star in Fig. 2(a). Note that142

this value is significantly higher than ⟨𝑆⟩ ≈ 0.84 - the best that can be achieved for homogeneous143

all-to-all coupled networks. The near-unity ⟨𝑆⟩ value indicates almost perfect synchronization of144

all lasers in terms of frequency, phase, and amplitude, despite their original frequency differences.145

Figure 2(b) shows cos[Ω𝑖 (𝑡)] versus time 𝑡 for each laser, which confirms frequency and in-phase146

locking of all lasers. In fact, the synchronized lasers reach a continuous-wave steady state,147

where the total intensity 𝐼tot (𝑡) = |∑𝑖 𝐸𝑖 (𝑡) |2 exhibits small and negligible fluctuations in time,148

which can be quantified by the normalized total intensity: 𝐼tot (𝑡) ≡ (𝐼tot (𝑡) − ⟨𝐼tot⟩)/⟨𝐼tot⟩,149

as shown in Fig. 2(c). The corresponding mean square of relative intensity noise (RIN) is150

given by Var(𝐼tot (𝑡)) ≈ 1.3 × 10−4 for 𝑡 ∈ [50, 100] ns. The network optimization process151

is repeated with 100 statistically independent realizations of the frequency disorder, yielding152

⟨𝑆⟩ = 0.97 ± 0.009. The final locked frequency is close to, but slightly lower than, the mean of153

the original frequencies of all lasers, as a result of the positive 𝛼 factor (see Sec. 3 3.4 for details).154

As shown in Fig. 2(d), the final frequencies of 100 synchronized networks, each optimized for155

its corresponding frequency disorder, are the discrete frequencies of external cavity resonances156

spaced by 1/𝜏.157

2.3. Final frequency dynamics and scaling of connectivity resonance158

In this section, we present the final frequencies of all lasers as a function of connectivity. At each159

𝜒, the final frequencies are obtained from the coupling configuration that yields the maximum160

⟨𝑆⟩ in random sampling. Figures 3(a) and 3(b) illustrate that, in the initial stage of connectivity161
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Fig. 3. Scaling of connectivity resonance. (a) For a fixed frequency disorder with
random seed rng(1) (as in Fig. 2(a)), 1000 coupling configurations are randomly
generated at each connectivity 𝜒, and the corresponding ⟨𝑆⟩ values are shown. (b)
For each 𝜒 in (a), the configuration yielding the highest ⟨𝑆⟩ is used to compute the
final frequencies of all lasers. These frequencies are linearly fitted within moving
windows of size 𝜏 with a step size of 0.1𝜏, and the error bars indicate the resulting
standard deviations. (c) Using the same random seed rng(1), the scaling behavior
of the optimal connectivity 𝜒∗ is examined across different laser numbers 𝑀 =

[12, 18, 24, 30, 36, 42, 46, 50, 55, 60, 65, 70, 80, 90, 100].

resonance, the final frequencies are well separated. As 𝜒 approaches the vicinity of 𝜒∗, they162

collapse toward a single value. Beyond this optimal point 𝜒∗, further increasing 𝜒 leads to strong163

fluctuations in the final frequencies, indicating that the system has moved away from a steady164

state and entered a chaotic regime. This behavior highlights that the optimal 𝜒 occurs just before165

the onset of chaos, with the chaotic dynamics being responsible for the subsequent decrease166

of ⟨𝑆⟩ and the emergence of connectivity resonance. This dynamical explanation parallels our167

previous results on coupling resonance in homogeneous all-to-all coupled networks [60].168

Furthermore, numerical evidence shows that the optimal connectivity scales with the number169

of lasers as 𝜒∗ ∝ 1/(𝑀 − 1). The slight deviation arises from the statistical deviation of the170

frequency disorder. The theoretical explanation of this scaling law is provided in Sec. 3 3.4.171

2.4. Physical characteristics of optimal sparse networks172

In homogeneous all-to-all coupled networks, more links are connected for smaller frequency173

differences in the histogram of the percentage of links versus the natural frequency difference174

Δ𝑖 − Δ 𝑗 , as shown in Fig. 4(a). The reason is that Gaussian-distributed frequencies are more175

likely to be close to each other. In contrast, for optimal sparse networks, most links with nearby176

frequencies are removed, as shown in Fig. 4(b). Figure 4(c) shows the average of optimized177

coupling matrix elements over 100 frequency disorders, which confirms that the lasers with178

larger frequency difference have stronger coupling. This can be further seen from Fig. 4(d), the179

number of links for each laser, where the lasers with largest frequency offset from the mean have180

the highest number of links, so they are effectively “hub” lasers. Note that the concept of hub181

naturally arises in star networks [62–67], where a hub mediates the coupling among the lasers182

and serves as the “bridge” for synchrony. In our optimized sparse network, the hub lasers have183

the largest frequency detuning and are most difficult to be locked in frequency. As a result, more184



links of such lasers to other lasers, especially those with opposite frequency detuning, are needed185

to pull the hub laser frequencies to the mean.186

𝜅∗ 𝑆 ≈ 0.84(𝑎)

(𝑏)

(𝑐)

(𝑑)

𝑛𝑠−1

𝜒∗ 𝑆 ≈ 0.96

Fig. 4. Emergence of hub structure in the optimal sparse laser network. (a) Histogram
of the percentage of coupled links as a function of the frequency differences Δ𝑖 − Δ 𝑗

(𝑖, 𝑗 = 1, . . . , 𝑀) for optimal coupling 𝜅 = 𝜅∗ in homogeneous all-to-all coupled
networks. The continuous curve illustrates the shape of the distribution. (b) Same
legend as in (a) but for the optimal sparse laser networks found by the genetic algorithm.
(c) Heat maps of the mean ⟨𝐾𝑖 𝑗⟩ of the coupling matrix elements 𝐾𝑖 𝑗 for the optimal
sparse networks, averaged over 100 frequency disorder realizations. (d) Histogram of the
average number of connections per laser, defined as ⟨𝜉𝑖⟩ =

∑
𝑗 ⟨𝐾𝑖 𝑗/𝜅 𝑓 ⟩ and calculated

from the matrix elements in (c), for the optimal sparse networks. The horizontal
dashed line indicates the baseline given by the mean value, 𝜇⟨ 𝜉 ⟩ =

∑
𝑖 ⟨𝜉𝑖⟩/𝑀, plus

one standard deviation, 𝜎⟨ 𝜉 ⟩ . Hub lasers are defined as those with ⟨𝜉𝑖⟩ exceeding
this baseline. Also shown on the right-hand side is the absolute value of the initial
frequency detuning per laser averaged over 100 frequency disorder realizations, with
standard deviations indicated by the error bars.

3. Heuristic and physical understanding of optimal synchronization in sparse187

laser networks188

In this section, we provide a physical understanding of three key questions: (1) Why can a189

sparse network, with the same coupling cost as a homogeneous all-to-all network, outperform the190

latter in synchronization and even achieve near-complete coherence? (2) Why does an optimal191

connectivity scaling law emerge in connectivity resonance? (3) Why does the optimal sparse192

network develop an emergent hub structure?193

3.1. Coupled linear oscillators194

We first articulate a qualitative understanding of the optimal sparse network topology with195

a simple model of coupled linear oscillators (see Sec. 3 in SI). In particular, ignoring gain196

saturation, 𝛼 factor and time-delay of the coupling, we calculate the eigenstates (supermodes) of197

the coupled lasers with frequency disorder [68]. With increasing coupling, the eigenstates are no198

longer localized to individual lasers, but expand over multiple lasers. The eigenstate with the199



highest eigenvalue will dominate lasing and its order parameter can be calculated. For selective200

sparse coupling, only the laser pairs with natural frequency differences above a threshold Δth201

are coupled with a constant coefficient, while the others are not coupled at all. With increasing202

Δth, the network connectivity 𝜒 decreases. The eigenstates can be compared with those of203

randomly connected networks with the same value of connectivity 𝜒. With increasing 𝜒, the204

order parameter of the dominant supermode increases much more quickly for selective coupling205

than random coupling. The lasers in the supermode oscillate in phase, but their amplitudes are206

not identical. The qualitative agreement with the LK simulation results suggest that the linear207

coupling matrix determines the supermode structure, which in term dictates laser synchronization.208

However, this simple model cannot predict the destabilization of synchronization at even stronger209

coupling where the coupled lasers chaotically hop between multiple supermodes [69, 70].210

3.2. Effective thermodynamic potential for the laser network211

For a more quantitative understanding, we develop a thermodynamic potential framework (see212

Sec. 4 in SI) to uncover the universal optimal sparse network structure that enables frequency- and213

phase-synchronized steady states in disordered diode laser systems. In particular, by expanding214

the LK equations near the synchronized steady state, we derive the generalized time-delayed215

Kuramoto model [71] with an additional phase shift 𝜙 ≡ tan−1 𝛼 + 𝜔0𝜏:216

𝑑Ω𝑖 (𝑡)
𝑑𝑡

= Δ𝑖 −
√︁

1 + 𝛼2
𝑀∑︁
𝑗=1

𝐾𝑖 𝑗 sin[Ω𝑖 (𝑡) −Ω 𝑗 (𝑡 − 𝜏) + 𝜙], (4)

where Ω𝑖 (𝑡) is the phase term of the electric field. With time-delay-induced phase differences217

𝜂𝑖 ≈ Ω𝑖 (𝑡) −Ω𝑖 (𝑡 − 𝜏), (5)

and assuming slow temporal phase evolution such that 𝜂𝑖 (𝑡)/𝜏 ≈ [ ¤Ω𝑖 (𝑡) + ¤Ω𝑖 (𝑡 − 𝜏)]/2, the218

network dynamics can be reformulated as a gradient flow governed by an effective thermodynamic219

potential𝑈 (𝜂𝑖):220

𝑈 (𝜂𝑖 (𝑡)) = 𝜂2
𝑖 (𝑡) − 2𝜏Δ𝑖𝜂𝑖 (𝑡) − 2𝜏

√︁
1 + 𝛼2𝑘 in

𝑖 cos[𝜂𝑖 (𝑡) + 𝜙], (6)

and 𝑘 in
𝑖

≡ ∑𝑀
𝑗=1 𝐾𝑖 𝑗 denotes the intrinsic coupling strength coming from other lasers to the221

𝑖-th laser. This expression generalizes the result for a single laser [72]: 𝑈 (𝜈(𝑡)) = 𝜈2 (𝑡) −222

2𝜏
√

1 + 𝛼2𝛾 cos[𝜈(𝑡) + 𝜙], where 𝛾 is the self-coupling strength and 𝜈(𝑡) ≡ Ω(𝑡) − Ω(𝑡 − 𝜏).223

The thermodynamic potential in Eq. (6) indicates that the effective coupling strength K𝑖 ≡224

𝜏
√

1 + 𝛼2𝑘 in
𝑖

is governed by the time delay 𝜏, the linewidth enhancement factor 𝛼 (responsible225

for amplitude–phase coupling), and the intrinsic coupling strength 𝑘 in
𝑖

(or 𝛾 for a single laser).226

The variational principle stipulates that the system’s final dynamical steady state should settle227

at the local minimum of the potential. These local minima of𝑈 (𝜂𝑖 (𝑡)) can be determined through228

the first and second derivatives with respect to 𝜂𝑖 (𝑡):229

𝑑𝑈 (𝜂𝑖 (𝑡))
𝑑𝜂𝑖 (𝑡)

= 𝜂𝑖 (𝑡) − 𝜏Δ𝑖 + K𝑖 sin[𝜂𝑖 (𝑡) + 𝜙] = 0, (7)

𝑑2𝑈 (𝜂𝑖 (𝑡))
𝑑𝜂2

𝑖
(𝑡)

= 1 + K𝑖 cos[𝜂𝑖 (𝑡) + 𝜙] > 0. (8)

Setting 𝜔0𝜏 ≡ 2𝑘𝜋, Eqs. (7) and (8) can be further simplified as230

𝜂𝑖 − F𝑖 = −K𝑖 sin(𝜂𝑖 + 𝜙), (9)
1 + K𝑖 cos(𝜂𝑖 + 𝜙) > 0, (10)



where F𝑖 ≡ 𝜏Δ𝑖 denotes the effective detuning, and the constant phase shift is defined as231

𝜙 ≡ mod(tan−1 𝛼 + 𝜔0𝜏, 2𝜋) ≈ 0.4𝜋. The solutions in (9) and (10) provide the steady steate232

solutions for each laser 𝑖. From the definition of the time-delayed phase difference in (5), the233

steady state solutions are related to the final frequencies:234

𝜂∗𝑖 (𝑡) ≈ Ωfit
𝑖 × 𝜏 + 𝜑𝑖 (𝑡) − 𝜑𝑖 (𝑡 − 𝜏), (11)

when Ω𝑖 (𝑡) = Ωfit
𝑖
× 𝑡 + 𝜑𝑖 (𝑡) and Ω𝑖 (𝑡 − 𝜏) = Ωfit

𝑖
× (𝑡 − 𝜏) + 𝜑𝑖 (𝑡 − 𝜏). In the ideal case of235

complete synchronization, the solutions of 𝜂𝑖 become independent of the laser index 𝑖 and reduce236

to237

𝜂∗ ≈ Ωfit𝜏 = 2𝜋 𝑓final𝜏, (12)

in the regime where 𝜑𝑖 (𝑡) ≈ 𝜑𝑖 (𝑡 − 𝜏), an approximation that is well justified in the numerical238

simulations.239

3.3. Understanding why sparse networks outperform homogeneous all-to-all coupling240

𝜂 − 𝔽12

𝜂 − 𝔽24

−𝕂homo sin(𝜂 + 𝜙)
(𝑎)

𝜂

1 + 𝕂homocos 𝜂 + 𝜙 > 0

𝜂 − 𝔽12

𝜂 − 𝔽24

(𝑏)

𝜂

U

𝜂

{𝜂12
∗ }

{𝜂24
∗ }

𝜂12
∗ ≈ {𝜂24

∗ }

𝕂𝑖
sparse

Fig. 5. Understanding synchronization in sparse networks. (a), (b) Schematic il-
lustrations of steady-state selection from the potential landscape for different lasers
under homogeneous all-to-all coupling and sparse coupling, respectively. The cross
intersections of Eq. (9) are marked by the red dots in panels (a) and (b). These
intersections fall within the light-shaded region that satisfies Eq. (10). Together, they
define the steady-state solution sets {𝜂∗12} and {𝜂∗24}. These solutions correspond to
two representative effective detunings, F12 and F24 associated with the 12-th and 24-th
lasers, respectively. The green and purple oscillatory curves represent stronger and
weaker effective coupling strengths. The inset in (b) shows the effective thermodynamic
potential in (6), consisting of a parabolic term and an oscillatory sinusoidal component.
A smaller effective coupling Ksparse

𝑖
produces a smoother potential with fewer steady-

state solutions.

Based on the thermodynamic potential theory, the effective potentials for the homogeneous241

all-to-all coupling and the sparse coupling are given by:242

𝑈homo (𝜂𝑖 (𝑡)) = 𝜂2
𝑖 (𝑡) − 2𝜏Δ𝑖𝜂𝑖 (𝑡) − 2Khomo cos[𝜂𝑖 (𝑡) + 𝜙],

𝑈sparse (𝜂𝑖 (𝑡)) = 𝜂2
𝑖 (𝑡) − 2𝜏Δ𝑖𝜂𝑖 (𝑡) − 2Ksparse

𝑖
cos[𝜂𝑖 (𝑡) + 𝜙],

Here, the effective couplings are defined as Khomo ≡ 𝜏
√

1 + 𝛼2𝜅(𝑀 − 1), and Ksparse
𝑖

≡243

𝜏
√

1 + 𝛼2𝜉𝑖𝜅
𝑓 , corresponding to the homogeneous and sparse networks, respectively. In the244



homogeneous all-to-all case, 𝑘 𝑖𝑛 =
∑𝑀

𝑗=1 𝐾𝑖 𝑗 = 𝜅(𝑀 − 1) is independent of the laser index 𝑖. In245

contrast, for the sparse network, 𝑘 𝑖𝑛
𝑖

=
∑𝑀

𝑗=1 𝐾𝑖 𝑗 = 𝜉𝑖𝜅
𝑓 , where 𝜉𝑖 denotes the total number of246

connected links for the 𝑖-th laser, and 𝜅 𝑓 = 1 𝑛𝑠−1 is introduced to explicitly retain the physical247

units of coupling strength.248

The total number of connected links for each laser is distributed non-uniformly over the laser249

index 𝑖, whereas in the homogeneous case it uniformly reaches the maximum value 𝜉 = 𝑀 − 1.250

From (9), a smaller number of connected links corresponds to a reduced magnitude of the251

effective coupling K𝑖 , which in turn leads to fewer steady-state solutions for the 𝑖-th laser. Note252

that the overall coupling cost remains the same in both network types,
∑

𝑖 𝑗 𝐾𝑖 𝑗 = 𝜅𝑀 (𝑀 − 1) =253

𝜒𝑀 (𝑀 − 1)𝜅 𝑓 , yet the number of steady-state solutions for individual lasers can be substantially254

reduced in the sparse network. Consequently, the sparse network is able to significantly lower the255

total number of steady states, thereby enhancing overall stability.256

In addition, a sparse network drives the final frequencies closer to each other, thereby promoting257

stronger synchronization. The cross intersections of Eq. (9), indicated by the red dots in Fig. 5,258

together with the light-shaded area satisfying Eq. (10), correspond to the final frequencies259

obtained from Eqs. (11) and (12). Figures 5(a) and 5(b) illustrate the fine structure of these260

solutions for the homogeneous all-to-all coupling and the sparse network, respectively. For two261

specific cases of effective detuning, with slopes biased by F12 and F24, a lower effective coupling262

leads to a smaller sinusoidal oscillation amplitude, emphasized by the purple curve compared263

with the green curve in Fig. 5(b). This tunable amplitude allows the final solution 𝜂∗ and thus the264

final frequency, to align more closely with each other—effectively compensating for frequency265

disorder and yielding nearly identical final frequencies. In contrast, the homogeneous all-to-all266

coupling shown in Fig. 5(a) cannot achieve this adjustment due to its uniform effective coupling.267

3.4. Understanding connectivity scaling and emergence of hub structure268

−𝕂𝑐 sin(𝜂𝑖 + 𝜙)

1 + 𝕂𝑐  cos 𝜂𝑖 + 𝜙 > 0
𝜂 − 𝔽1

𝜂 − 𝔽24

−𝔽1
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𝕂 < 𝕂𝑐 = max |𝔽𝑖|
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∗
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𝕂 ≳ 𝕂𝑐 = max |𝔽𝑖|
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∗ , 𝜂𝑖

∗, 𝜂24
∗ ) ≤ Width

(𝑎) (𝑏)

Fig. 6. Schematic of the critical effective coupling in the homogenous all-to-all coupling.
(a) Effective coupling K below the critical value K𝑐 . (b) Effective coupling K around the
critical value K𝑐 . The rectangular regions in (a) indicate the steady-state solution sets
for the corresponding effective detuning F𝑖 . The red rectangular region in (b) highlights
the first nearly synchronized state that emerges at the critical effective coupling, where
the maximum frequency difference between lasers is around the width of the region
satisfying 𝑑2𝑈/𝑑𝜂2 > 0. The remaining notation follows Fig. 5.

For the homogenous all-to-all coupling, there exists a critical effective coupling strength269

that first enables the formation of a single, nearly synchronized steady state across all lasers,270



consistent with previous work [60]. For 𝑀 = 24, the frequency detunings are ordered as271

Δ1 ≤ Δ2 ≤ · · · ≤ Δ24. In this case, the effective detunings F1 and F24 define the boundaries of the272

steady-state solution structure, as shown in Fig. 6. When the effective coupling is too small, i.e.,273

K < K𝑐 = max |F𝑖 |, the steady state solution sets {𝜂∗1} and {𝜂∗24} remain well separated. In this274

regime, intermediate detuning values F𝑖 may yield solutions {𝜂∗
𝑖
} that lie close to {𝜂∗1}, but not275

to {𝜂∗24}, and conversely. As a result, only partial synchronization among the lasers is achieved.276

When the effective coupling approaches the critical value K ≳ K𝑐 = max |F𝑖 |, the steady-state277

solutions develop an overlap region encompassing all lasers, as indicated by the red rectangular278

region in Fig. 6(b). Since each steady-state solution 𝜂∗ corresponds to a final frequency, the279

maximum frequency differences among the lasers in this region are bounded by the width of the280

region where 𝑑2𝑈/𝑑𝜂2 > 0. This indicates that all lasers are nearly synchronized.281

For the sparse network, the effective coupling depends on the laser index 𝑖, and each laser has282

its own critical value associated with the emergence of the hub structure. This behavior contrasts283

with that of the homogeneous all-to-all case. The effective coupling of each laser 𝑖 is given by284

Ksparse
𝑖

≡ 𝜏
√

1 + 𝛼2𝜉𝑖𝜅
𝑓 . As shown in Fig. 5(b), achieving nearly identical steady-state solution285

sets requires the effective coupling of each laser to be comparable to its corresponding effective286

detuning as Ksparse
𝑖

≳ |F𝑖 | = 𝜏 |Δ𝑖 |. Thus, for an arbitrary laser, the number of connections per287

laser 𝜉𝑖 must exceed a threshold set by the local detuning, i.e., 𝜉𝑖 > |Δ𝑖 |/(𝜅 𝑓
√

1 + 𝛼2), which is288

consistent with the observed hub topology where higher detuning demands more connections, as289

shown in Fig. 4(d). Consistently, the necessity of the hub structure can also be directly inferred290

from the Kuramoto model (see Sec. 5 in SI).291

There also exists an overall expected critical value in the sparse network, which gives rise292

to the connectivity scaling law. The total number of connected links per laser 𝜉𝑖 is related to293

the connectivity by
∑𝑀

𝑖=1 𝜉𝑖 = 𝜒𝑀 (𝑀 − 1). So, the expected effective coupling in our sparse294

network is ⟨Ksparse⟩ =
∑𝑀

𝑖=1 K
sparse
𝑖

/𝑀 = 𝜏
√

1 + 𝛼2𝜒(𝑀 − 1)𝜅 𝑓 . In the sparse network, the295

expected critical effective coupling is statistically close to the maximum effective detuning,296

⟨Ksparse
𝑐 ⟩ ≈ max |F𝑖 | = 𝜏 |Δ0 | with the maximum detuning magnitude |Δ0 |. Accordingly, the297

critical connectivity scales as 𝜒𝑐 ≈ |Δ0 |/[𝜅 𝑓 (𝑀 − 1)
√

1 + 𝛼2]. The critical connectivity scales298

inversely with the laser size by 𝜒𝑐 ∝ 1/(𝑀 − 1) as derived from the nearly synchronized299

steady-state solutions of the effective thermodynamic potential. This scaling is consistent with300

the connectivity resonance, where the optimal connectivity follows 𝜒∗ ∝ 1/(𝑀 − 1).301

Actually, the optimal connectivity is slightly higher than the critical connectivity, i.e., 𝜒∗ > 𝜒𝑐.302

In the intermediate regime 𝜒 ∈ [𝜒𝑐, 𝜒∗], multiple near-synchronized steady-state solutions are303

created. The dynamics gradually evolve from steady states to quasiperiodic motion—remaining304

stable but with reduced stability. At 𝜒 = 𝜒∗, the onset of chaos suppresses the synchronization305

measure, as shown in Figs. 3(a) and 3(b). For example, the critical connectivity is 𝜒𝑐 ≈ 0.26 for306

|Δ0 | = 30 rad/ns and 𝑀 = 24. These bounds agree with the numerically revealed synchronization307

resonances under frequency disorder (Sec. 2 in SI), where all synchronization peaks occur within308

the connectivity range of approximately 0.3 to 0.4.309

Furthermore, the final dynamic frequency, quantized as 𝑓final = 𝑁/𝜏, satisfies the existence of310

a local minimum in the effective potential. Since the phase offset 𝜙 ≡ mod(tan−1 𝛼 +𝜔0𝜏, 2𝜋) ≈311

0.4𝜋 < 0.5𝜋 [Fig. 5(b)], the quantized frequency in Fig. 2(d) always satisfies the stability312

condition 1 + K𝑖 cos(2𝜋 𝑓final𝜏 + 𝜙) > 0 because cos 𝜙 > 0 > −1/K𝑖 . Given that 𝛼 = 5 and313

𝜔0𝜏 = 2𝑁𝜋, the resulting phase shift 𝜙 statistically favors negative values of 𝜂 which are closer314

to the mean of the initial frequency distribution. As a result, the intersections in the potential315

landscape are biased toward negative 𝜂∗, producing a statistical preference for negative dynamic316

frequencies—that is, the final dynamic frequency tends to lie below the mean of the initial317

frequency distribution—consistent with the behavior observed in Fig. 2(d).318



4. Discussion and conclusion319

We have checked numerically that the synchronization behavior remains consistent with and320

without noise. While noise-free results are presented in the main text, the robustness of321

synchronization against dynamic and initial-state noise is detailed in Sec. 6A in SI. The322

selectively-coupled networks identified by the island-based genetic algorithm also exhibit323

robustness to perturbations in laser frequency detuning, coupling strength, and pump rate,324

highlighting the diversity and resilience of the genetic-algorithm landscape, as detailed in Sec.325

6B and 6C in SI.326

The island-based genetic algorithm constructs the optimal sparse networks by adaptively varying327

the number of connected links per laser 𝜉𝑖 to compensate for the frequency disorder. Beyond328

disorder compensation, sparsity also reduces the overall coupling cost
∑

𝑖 𝑗 𝐾𝑖 𝑗 , suppressing329

multistability and promoting robust frequency- and phase-synchronized dynamics. The critical330

coupling strength in the classical Kuramoto model with homogeneous all-to-all coupling has331

been well characterized [73–75]. Here, we have generalized the analysis by incorporating the332

linewidth enhancement factor, time delay, and sparse coupling, and reformulate the critical bound333

from a physical perspective using a thermodynamic potential framework, as detailed in Secs. 4334

and 5 in SI.335

With different initial coupling configurations, the genetic algorithm-optimized network336

structures can exhibit small variations. However, the key features such as the hub lasers remains337

the same. In the sparse network, the lasers with small frequency detuning do not need to couple338

directly, as their indirect coupling through other lasers is already sufficient for synchronization.339

With increasing number of lasers 𝑀, the optimized networks become even more sparse, i.e.,340

more laser pairs do not couple directly, since there are more indirect coupling paths through other341

lasers. The optimal connectivity 𝜒∗ scales as 𝜒∗ ∝ 1/(𝑀 − 1), indicating that the coupling cost342

increases linearly with the laser size as
∑

𝑖 𝑗 𝐾𝑖 𝑗 ∝ 𝑀. Such linear scaling, instead of quadratic343

scaling with 𝑀 , facilitates large-scale synchronization.344

In summary, this work establishes a foundational theoretical framework for the emergence345

and scaling of sparse networks and hub structures for almost perfect synchronization. It346

provides a principled approach for designing scalable, cost-effective networks that sustain robust347

frequency and phase synchronization, along with a stable continuous-wave steady state, even348

under significant frequency disorder.349
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This document provides supplementary information for “Optimal sparse networks for synchro-
nization of semiconductor lasers.” In Sec. 1, we present the phenomenon of synchronization
resonance in inhomogeneous networks and compare it with that arising in homogeneous all-to-all
coupled networks, demonstrating that the resonance is robust to the network structure. In Sec. 2,
we examine the phenomenon of connectivity resonance in sparse networks in more detail and
explain how genetic algorithm can be used to find the optimal network structure (in Sec. B). We
demonstrate that the optimized networks show reduced preference for connections between
lasers with close frequency detuning. In Sec. 3, we simplify the Lang–Kobayashi equations to
obtain a network of coupled linear oscillators to offer intuition for the optimal sparse network
structure, providing a quick guide for experimental interpretation. In Sec. 4, we provide a more
quantitative understanding by analytically deriving the effective thermodynamic potential from
the full Lang–Kobayashi equations for the system of coupled-lasers with time delay due to an
external-cavity feedback. In Sec. 5, we provide a detailed physical understanding of the optimal
sparse network structure, including the emergence of hub structures and the scaling law of
optimal connectivity in comparison with homogeneous all-to-all coupled networks. In Sec. 6, we
investigate the robustness of synchronization in sparse networks against dynamic noise, initial-
state perturbations, and random variations in frequency detuning, coupling strength, pump rate,
and coupling ramping. Furthermore, we mix multiple optimized sparse coupling matrices to
explore the optimization landscape of the genetic algorithm to address the issue of landscape
robustness.

1. SYNCHRONIZATION RESONANCE IN INHOMOGENEOUS ALL-TO-ALL COUPLING

𝜎𝜅 = 0.2 𝑛𝑠−1 𝜎𝜅 = 0.4 𝑛𝑠−1
(𝑎) (𝑏)

(𝑐) (𝑑)𝜎𝜅 = 0.6 𝑛𝑠−1

Fig. S1. Robust synchronization resonance with slightly enhanced performance in inho-
mogeneous all-to-all coupled diode laser networks. The nodal coupling is given by Kij =
[κ̄ + σκN (0, 1)] (1 − δij) with N (0, 1) being a normalized Gaussian random variable. (a-c) Syn-
chronization measure ⟨S⟩ versus κ̄ for σκ = 0.2 ns−1, 0.4 ns−1, and 0.6 ns−1, respectively, for
M = 24, where the blue curve represents the baseline from the homogeneous all-to-all coupled
network with Kij = κ̄(1 − δij). The coupling strength is scanned over the range κ̄ ∈ [0, 1] ns−1

with a step size of 0.05 ns−1. (d) Mean values and standard deviations of the randomly sam-
pled synchronization measure ⟨S⟩ at the resonance peak κ̄∗ = 0.4 ns−1 versus the perturbation
strength σκ . The corresponding peak values of ⟨S⟩max as a function of σκ are displayed on the
right. For reference, the horizontal dashed line marks the maximum ⟨S⟩ obtained in homoge-
neous all-to-all networks, providing a baseline for comparison.

In homogeneous, all-to-all coupled diode laser networks, a synchronization resonance emerges.



The coupling matrix is defined as Kij = κ for i ̸= j and Kii = 0, thereby eliminating self-
feedback. Under frequency disorder, the synchronization measure ⟨S⟩ reaches a maximum at
an optimal coupling strength, whereas in the absence of disorder this resonance disappears.
A natural question arises: does synchronization resonance, as exemplified by the blue curves
in Figs. S1(a–c), persist when the couplings become inhomogeneous? We find that deviations
from homogeneous coupling preserve—and may even slightly enhance—the synchronization
resonance.

To introduce coupling heterogeneity, we perturb the interaction strength as

κ → κ̄ + σκN (0, 1),

where κ̄ denotes the baseline coupling and N (0, 1) represents a normalized Gaussian random
variable. For each perturbation level σκ , we generate 1000 independent realizations of the
perturbed coupling matrices for every fixed value of κ̄. Figures S1(a–c) present results for M = 24
lasers with frequency disorders ∆i = 14 ×N (0, 1) rad/ns generated using the random seed
rng(1), a typical disorder configuration. The plots show the dependence of ⟨S⟩ on κ̄ for σκ = 0.2
ns−1, 0.4 ns−1, and 0.6 ns−1, respectively, with the blue curve serving as a reference for the
homogeneous network. Despite the spread in ⟨S⟩ at each fixed κ̄, synchronization resonance
persists in all cases. Figure S1(d) summarizes the mean values and standard deviations of ⟨S⟩ at
the resonance peak (left) and the corresponding peak values ⟨S⟩max as a function of σκ (right).
The horizontal dashed line marks the maximum ⟨S⟩max obtained for the homogeneous, all-to-all
coupled network. These results demonstrate that random variations in coupling strength can
partially compensate for frequency disorder, thereby enhancing overall synchronization.

Based on the theoretical framework described in Sec. 5, inhomogeneous all-to-all coupling
introduces small variations in the total coupling strength experienced by each laser. These
variations can partially compensate for frequency disorder, thereby reducing the number of
possible steady-state solutions. Consequently, the final laser frequencies become more closely
aligned, resulting in more stable dynamics and a moderate enhancement of both frequency and
phase synchronization.

2. OPTIMIZING SYNCHRONIZATION IN SPARSELY COUPLED DIODE-LASER NET-
WORKS

A. Connectivity resonance in synchronization
The all-to-all coupled diode-laser networks studied in Sec. 1 demonstrate that random inho-
mogeneous coupling can partially compensate for frequency disorder and thereby enhance
synchronization. A different form of inhomogeneity arises from the network structure itself,
specifically, through sparse coupling architectures. From an experimental standpoint, sparsely
coupled laser networks offer practical advantages in implementation. As discussed in the main
text, network sparsity is quantified by the connectivity 0 ≤ χ ≤ 1, defined as the fraction of
nonzero entries in the coupling matrix normalized by the total number of possible links M(M− 1).
The case χ = 1 corresponds to all-to-all coupling. As χ increases from zero, synchronization
attains a maximum at an optimal connectivity χ∗, giving rise to the phenomenon of connectivity
resonance, as described in the main text. Here we provide additional results illustrating the
emergence of this resonance, shown in Fig. S2.

In our simulations, following experimental considerations, the coupling matrix is constrained to
be binary (entries are either 0 or 1), symmetric, and free of self-coupling (zero diagonal elements).
For each connectivity level, we perform random sampling over 1000 sparse coupling configu-
rations with different frequency disorder realizations. The resulting values of ⟨S⟩ are shown
as yellow points in Figs. S2(a–i), corresponding to nine statistically independent realizations of
the frequency disorder. In each panel, the green curve represents the homogeneous, all-to-all
reference case.

For the homogeneous all-to-all network with coupling strength κ, the total intrinsic coupling
per laser is

kin
Homo = ∑

j
Kij = κ(M − 1).

In the case of sparse binary coupling, the expected total coupling per laser is

kin
Spa = E[∑

j
Kij] = χ(M − 1)κ f
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Fig. S2. Connectivity resonance in sparsely all-to-all coupled diode laser networks. Frequency
disorder is modeled as Gaussian detuning, ∆i = 14 ×N (0, 1) rad/ns, with nine independent
realizations (panels a–i, random seeds rng(0), rng(2)–rng(9); rng(1) shown in Fig. 2(a) of
the main text). In each panel, the green curve denotes the homogeneous all-to-all benchmark
Kij = κ(1 − δij), while 1000 yellow points per connectivity level represent randomly sampled
sparse configurations, with the yellow curve indicating their average.

where κ f = 1, ns−1. For a fixed total coupling per laser, there exists a one-to-one correspondence
between κ and the connectivity χ. Remarkably, even with randomly sampled configurations,
sparse networks can outperform the homogeneous all-to-all networks near the synchronization
resonance region, as shown in Figs. S2(a–i). Furthermore, the synchronization peak κ∗ observed in
the homogeneous case statistically coincides with the optimal connectivity χ∗ in sparse networks,
indicating that the synchronization threshold is primarily determined by the total coupling per
laser.

B. Exploiting island genetic algorithm to find optimal sparsely coupled networks
In Sec. A, we showed that Monte Carlo sampling of sparsely coupled configurations can yield
networks exhibiting stronger frequency and phase synchronization than any homogeneous all-to-
all network with the same total coupling cost Ktotal in the weak-coupling regime. This observation
implies the existence of optimal sparse networks with enhanced synchronization, motivating the
use of optimization methods such as genetic algorithms to identify such structures. To this end,
we employ an island genetic algorithm, initialized at the connectivity level that produces the best
synchronization performance in the Monte Carlo simulations, to discover coupling configurations
with further improved synchronization.

The implementation of the island genetic algorithm for our network optimization problem
proceeds as follows. A standard genetic algorithm is first applied to evolve a population of
200 candidate coupling matrices per generation. The optimization typically converges after
approximately 200 generations. Each matrix is evaluated using the synchronization measure
⟨S⟩ as the fitness function. Parent matrices are selected via roulette-wheel selection, assigning
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All-to-All Coupling
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Fig. S3. Comparison of coupling characteristics in homogeneous all-to-all networks and in
optimal sparse networks identified by an island genetic algorithm. Shown are the statistical
distributions of the network couplings as a function of frequency detuning differences. Panels
(a–i) correspond to random seeds rng(0) through rng(9), excluding rng(1) (already presented in
the main text). The ordering of random seeds matches that in Fig. S2. To emphasize the effect
of sparsity, the coupling strength is fixed at κ = 1, ns−1 for the homogeneous all-to-all case,
while links are selectively removed using an island genetic algorithm to enhance synchroniza-
tion. The removed connections indicate nonessential links. In each panel, the gray histogram
shows the synchronization distribution for the homogeneous case ⟨S⟩ ≈ 0.67, averaged over
all frequency disorder realizations), the orange histogram corresponds to the optimal sparse
network, and the yellow histogram highlights the difference between the two.

higher selection probabilities to individuals with higher fitness. Crossover is then performed
between selected parent pairs, with each pair generating two offspring. Edges shared between
the parents are directly inherited, while the remaining edges are randomly assigned to preserve
the total number of links and ensure the same structural constraints as the parents. Each offspring
undergoes mutation at a fixed rate of 0.03, in which one randomly chosen link is removed and
replaced by a new random connection elsewhere in the network. The top 8 high-performing
individuals (elites) are preserved in each generation.

To promote diversity and avoid premature convergence to local optima, we implement a
migration strategy across four independent islands, each containing 50 individuals. Every five
generations, migration occurs sequentially: Island 1 → 2, 2 → 3, 3 → 4, and 4 → 1, where the
worst-performing 5% of individuals on the receiving island are replaced by the elites migrating
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from the source island. This island-based genetic algorithm framework enhances exploration of
the optimization landscape while preserving the best-performing solutions, leading to robust
identification of sparse coupling networks with optimal synchronization properties.

The patterns providing physical insight into the optimized sparse coupling matrices obtained
from the island genetic algorithm are shown in Figs. S3(a–i) across different frequency disor-
der realizations corresponding to random seeds rng(0–9). These results reveal a characteristic
structure in which couplings are suppressed between lasers with small frequency differences
and preserved between those with large frequency separations. Consequently, the resulting
histogram exhibits a dip near zero frequency difference and an overall parabolic shape. To isolate
the effect of sparsity, coupling matrix elements for both the homogeneous all-to-all and optimized
sparse configurations are constrained to binary values, either 0 or 1, ns−1. Figures S3(a–i) present
histograms quantifying the number of coupling elements with Kij = 1, ns−1 within discrete inter-
vals of the frequency differences ∆i − ∆j. In homogeneous all-to-all networks, all off-diagonal
elements satisfy Kij = 1, ns−1, so the histogram of Kij versus ∆i − ∆j directly reflects the statistical
distribution of the frequency differences. As the frequencies follow a Gaussian distribution, the
corresponding histogram (gray background in Fig. S3) also appears Gaussian-shaped, with a
mean synchronization level ⟨S⟩ ≈ 0.67 averaged over all frequency disorder realizations. In
contrast, the optimized sparse networks exhibit a marked reduction in couplings between lasers
with small frequency detuning differences ∆i − ∆j → 0, rad/ns , while preferentially preserving
connections among those with larger frequency separations. This trend is captured by the yellow
curves in Fig. S3, which display a distinct dip near ∆i − ∆j → 0, rad/ns and an overall parabolic
profile across the full range of frequency differences. These results suggest that optimal sparse
networks actively break the symmetric coupling pattern of the homogeneous configuration to
exploit frequency heterogeneity: by linking more detuned lasers, the system balances coupling-
induced locking and disorder-driven desynchronization, thereby creating an effective mechanism
of structural adaptation that promotes stronger global coherence.

3. COUPLED NETWORK OF LINEAR OSCILLATORS

We examine whether sparse and selective coupling enables faster global phase and frequency
synchronization, while requiring lower total coupling strength than conventional all-to-all or
nearest-neighbor configurations. To build design intuition and isolate the effect of coupling
topology from intrinsic laser nonlinearities, we model the system as a network of linearly coupled
oscillators that represent the laser array:

dEi(t)
dt

= (i∆i − γ)Ei(t) +
M

∑
j ̸=i

KijEj(t), (S1)

where Ei(t) denotes the slowly varying complex field amplitude of laser i, and ∆i is its detuning
relative to a rotating frame at ω0. Each cavity has a loss rate of γ = 500, ns−1. The coupling
topology is specified by the symmetric, sparse, binary matrix mathbbK, whose off-diagonal
elements represent the coupling strength between lasers i and j (Kij = Kji, either 0 or κ = 1 ns−1);
diagonal entries are set to zero to exclude self-feedback. The overall network connectivity is
quantified as

χ =
1

M(M − 1) ∑
ij

Kij/κ.

This linear system serves as a simplified representation of the Lang–Kobayashi model, neglecting
gain dynamics, phase-amplitude coupling, and propagation delay. While it does not yield
quantitative predictions, it provides clear intuition for designing coupling topologies.

The formal solution of Eq. (S1) can be expressed as Em
i (t) = vm

i eλmt, where λm is generally a
complex eigenvalue, i denotes the laser index (i = 1, 2, . . . , M), and m denotes the eigenvalue
index. Substituting this ansatz into Eq. (S1) gives

λmvm
i = (i∆i − γ)vm

i +
M

∑
j ̸=i

Kijvm
j ,

which leads to the eigenvalue equation

M

∑
j ̸=i

Aijvm
j = λmvm

i ,
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Fig. S4. Example of the different coupling matrix for an array of M = 50 lasers. The laser are
ordered from the most negatively detuned (laser 1) to the most positively detuned (laser 50). A
black square indicate a link with coupling strength κ = 1 ns−1. (a) Random sparse matrix with
a connectivity of χ = 40 %. The link are symmetric and random distributed over all laser. (b)
and (c) are example of the Selective sparse matrix for 40 % and 20 % connectivity respectively.
In this configuration the most detuned laser are connected first until the required connectivity
is achieved.

or equivalently, A · v⃗m = λm v⃗m. The matrix A takes the form

A =



(i∆1 − γ) K12 · · · K1M

K21
. . .

...
...

. . . K(M−1)M

KM1 · · · KM(M−1) (i∆M − γ)


, (S2)

which encodes both the coupling matrix K and the intrinsic dynamics of the individual oscillators,
(i∆i − γ).

The eigenvalue spectrum λm and the corresponding eigenvectors v⃗m of the matrix A in
Eq. Eq. (S2) determine the behavior of the network’s “supermode” solutions. Because all eigen-
values possess negative real parts, the eigenvalue with the largest real component identifies
the dominant or slowest-decaying supermode. Consequently, the analysis focuses on the cor-
responding eigenvector v⃗mmax , associated with the eigenvalue having the largest Re[λmmax ]. For
compactness, the field of laser i is written as Ei(t) = vieλt. The imaginary part of λ specifies the
oscillation frequency of the collective mode.

Each field Ei(t) carries both the intrinsic phase of laser i and a global phase contribution from
eλt. The phase coherence among lasers is quantified using the synchronization order parameter

R =
1
M

∣∣∣∣∣ M

∑
i=1

ei arg(vi)

∣∣∣∣∣ ,

in which the global phase of λ is excluded. The spatial intensity distribution is obtained from
|Ei(t)| = |vi||eλt|. Since |eλt| is a common time-dependent factor, it can be omitted, yielding a
time-independent intensity profile for the dominant supermode given by |Ei| ∼ |vi|.

To investigate how the dominant supermode attains a high degree of phase synchroniza-
tion—specifically, how individual lasers within the network synchronize under varying coupling
topologies—we simulate two types of sparse coupling configurations for laser arrays with sizes
ranging from M = 50 to M = 200. The first configuration, referred to as the random sparse
topology, is generated by randomly removing links from the full coupling matrix until the desired
connectivity is achieved. The second configuration, termed the selective sparse topology, is
obtained by progressively removing links between lasers with the smallest detuning values (see
Fig. S4 for representative matrices). For each topology, the connectivity χ is varied from 6% to
50%, and simulations are performed over 100 realizations of laser frequency detuning drawn
from a normal distribution with a standard deviation of σ = 14 rad/ns. In the random sparse
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Fig. S5. Simulation results of the linear coupled network. (a) Average order parameter ⟨R⟩ of
the dominant super-mode v⃗mmax as a function of connectivity χ for M = 100 lasers array. The
blue dot are for a random sparse matrix and the red cross for a selective one. (b) Comparison
of the average order parameter as a function of connectivity for different number of laser in a
selective sparse configuration. Blue dot is for M = 50, red cross M = 100 and yellow square for
M = 200. The dashed black line is set to ⟨R⟩ = 0.9 and used to define the critical connectivity
χ∗. All results are the average of 100 normally distributed frequency realization with standard
deviation of σ = 14 rad/ns. The Random sparse configuration is also average over 10 different
random configuration. (c) Scaling of the critical connectivity χ∗ as a function of the number of
laser M in the array for a selective sparse configuration.

case, an additional ensemble average is conducted over 10 distinct random realizations of the
coupling matrix.

Figure S5(a) compares the averaged synchronization order parameter ⟨R⟩ of the dominant
supermode for both random and selective sparse configurations. The selective sparse topology
achieves a highly synchronized state (⟨R⟩ > 0.9) at substantially lower connectivity (χ ∼ 15%)
than the random sparse network (χ ∼ 30%). This improved efficiency arises because, in the
selective sparse case, the available coupling strength is directed primarily toward lasers with
larger frequency detuning. Synchronization theory predicts that for nonidentical oscillators, the
coupling must exceed the system’s intrinsic frequency spread to achieve phase locking [1–3].
Concentrating coupling power on the most detuned lasers, as shown in Figs. S4(b–c), allows these
elements to synchronize more rapidly and act as hubs that mediate global phase alignment across
the entire array.

Figures S5(b) and S5(c) further illustrate the scalability of the selective sparse topology. We
define a critical connectivity χ∗ as the point where ⟨R⟩ = 0.9, indicating strong synchronization
of the dominant eigenmode. Repeating the analysis for arrays with M = 50, 100, 200 lasers
reveals that χ∗ decreases systematically with increasing M, following χ∗ ∝ 1/(M − 1), consistent
with the expected scaling behavior. Thus, larger arrays require fewer overall links to achieve
global synchronization. However, if connectivity is reduced excessively in the selective sparse
configuration, some lasers may become disconnected from the network. In practice, an optimal
balance between selective and random coupling should therefore be employed for large-scale
arrays.

Section A provides conceptual insight into the emergence of hub structures within the gen-
eralized time-delayed Kuramoto model. It demonstrates that the presence of a hub topology is
a necessary, but not sufficient, condition for achieving synchronization in such systems. This
finding clarifies why the simplified network of coupled linear oscillators yields consistent qualita-
tive intuition regarding hub formation in the coupling matrix: near the steady-state, this linear
model can be mapped onto the generalized Kuramoto framework. Within this architecture,
reducing the number of coupling links can simultaneously ease experimental implementation
and promote global synchronization, both in amplitude and phase, while requiring minimal total
coupling strength. Consequently, a coupling matrix that strategically blends characteristics of
the selective-sparse and random-sparse topologies represents a promising design strategy. These
considerations underpin the main-text investigation of the Lang–Kobayashi model within the
effective thermodynamic potential framework.
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4. EFFECTIVE THERMODYNAMIC POTENTIAL FOR THE LASER NETWORK

Starting from the complex Lang–Kobayashi equations [Eqs. (1) and (2) in the main text], we
express the electric field in polar form as Ei(t) = ri(t)eiΩi(t), where ri(t) and Ωi(t) denote the
amplitude and phase, respectively. To separate the radial and angular components, we multiply
both sides of the complex electric-field equation by e−iΩi(t)/ri(t). The real and imaginary parts
of the resulting expression then describe the amplitude and phase dynamics, respectively. The
corresponding coupled Lang–Kobayashi equations in polar coordinates [4, 5] are given by

ṙi(t)
ri(t)

=
1
2
[G(Ni(t), ri(t))− γ] +

M

∑
j=1

Kij
rj(t − τ)

ri(t)
cos[Ωj(t − τ)− Ωi(t)− ω0τ],

Ω̇i(t) =
α

2
[G(Ni(t), ri(t))− γ] + ∆i +

M

∑
j=1

Kij
rj(t − τ)

ri(t)
sin[Ωj(t − τ)− Ωi(t)− ω0τ],

Ṅi(t)
Ni(t)

=
J0

Ni(t)
− γn −

G(Ni(t), ri(t))r2
i (t)

Ni(t)
, (S3)

where the gain function is defined as

G(Ni(t), ri(t)) = g
Ni(t)− N0

1 + s r2
i (t)

.

Next, we consider the optimal sparse network obtained using the island genetic algorithm. The
corresponding steady-state solutions, shown in Figs. 2(b) and 2(c) of the main text, serve as the
foundation for simplifying the Lang–Kobayashi equations:

ri(t) ≈ rs
i , Ni(t) ≈ Ns

i , and
rj(t − τ)

ri(t)
≈ 1. (S4)

Under these approximations, the Lang–Kobayashi equations reduce to:

0 =
1
2
[G(Ns

i , rs
i )− γ] +

M

∑
j=1

Kij cos[Ωj(t − τ)− Ωi(t)− ω0τ], (S5)

Ω̇i(t) =
α

2
[G(Ns

i , rs
i )− γ] + ∆i +

M

∑
j=1

Kij sin[Ωj(t − τ)− Ωi(t)− ω0τ], (S6)

0 =
J0
Ns

i
− γn −

G(Ns
i , rs

i )(r
s
i )

2

Ns
i

. (S7)

By substituting the explicit form of the gain function from Eq. Eq. (??) into Eq. Eq. (??), the gain
term in Eq. Eq. (??) is eliminated, yielding a phase equation that no longer explicitly depends
on the gain. As a result, the phase dynamics depend only on the angular variables, effectively
decoupling from both the amplitude and the carrier number. The resulting equation takes the form
of a generalized time-delayed Kuramoto model[6] with an additional phase shift tan−1 α + ω0τ:

Ω̇i(t) = ∆i −
√

1 + α2
M

∑
j=1

Kij sin[Ωi(t)− Ωj(t − τ) + tan−1 α + ω0τ]. (S8)

To derive the effective thermodynamic potential, we transform Eq. (S8) into the following gradient
flow form:

η̇i(t) = − 1
τ

d
dηi

U(ηi),

where the collective coupling influence of the other lasers on laser i is contained in the thermody-
namic potential U(ηi). The time-delayed phase difference is defined as

ηij(t) = Ωi(t)− Ωj(t − τ).

Associated with the steady-state synchronization solution, the phase variables Ωi(t) and Ωj(t)
are proximal to each other. The second-order tensor ηij(t) of the phase differences can then be
approximated by the following vector ηi(t):

ηi(t) ≈ Ωi(t)− Ωi(t − τ). (S9)
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To proceed, we further assume a slow temporal evolution of the phase, so the finite difference can
be approximated by the average derivative:

ηi(t)
τ

≈ Ω̇i(t) + Ω̇i(t − τ)

2
. (S10)

Combining Eqs. (S9) and (S10), we get

ηi(t) ≈ τΩ̇i(t)−
1
2

τη̇i(t). (S11)

Substituting this relation into the generalized time-delayed Kuramoto model [Eq. (S8)] and
expanding about the synchronized steady-state solution, we obtain:

η̇i(t) = − 1
τ

2ηi(t)− 2τ∆i + 2τ
√

1 + α2

 M

∑
j=1

Kij

 sin[ηi(t) + tan−1 α + ω0τ]

 . (S12)

The effective thermodynamic potential can then be identified as:

U(ηi(t)) = η2
i (t)− 2τ∆iηi(t)− 2τ

√
1 + α2kin

i cos[ηi(t) + tan−1 α + ω0τ], (S13)

and

kin
i ≡

M

∑
j=1

Kij

denotes the intrinsic coupling strength coming from other lasers to the ith laser. This expression
generalizes the result for a single laser [7]:

U(ν(t)) = ν2(t)− 2τ
√

1 + α2γ cos[ν(t) + tan−1 α + ω0τ], (S14)

where γ is the self-coupling strength and ν(t) ≡ Ω(t)− Ω(t − τ). The thermodynamic potential
in Eq. (S13) indicates that the effective coupling strength

Ki ≡ τ
√

1 + α2kin
i

is governed by the time delay τ, the linewidth enhancement factor α (responsible for ampli-
tude–phase coupling), and the intrinsic coupling strength kin

i (or γ for a single laser).
The local minima of the potential U(ηi(t)) can be determined through the first and second

derivatives with respect to ηi(t):

dU(ηi(t))
dηi(t)

= ηi(t)− τ∆i + Ki sin[ηi(t) + tan−1 α + ω0τ] = 0, (S15)

d2U(ηi(t))
dη2

i (t)
= 1 + Ki cos[ηi(t) + tan−1 α + ω0τ] > 0. (S16)

Setting ω0τ ≡ 2kπ, Eqs. Eq. (S15) and Eq. (S16) can be further simplified as

η − Fi = −Ki sin(η + ϕ), (S17)

1 + Ki cos(η + ϕ) > 0, (S18)

where Fi ≡ τ∆i denotes the effective detuning, and the constant phase shift is defined as

ϕ ≡ mod(tan−1 α + ω0τ, 2π) ≈ 0.4π.

The variational principle dictates that the system’s dynamical steady state converges to a local
minimum of the potential. However, as the effective coupling strength increases, the number
of possible steady-state solutions also grows. A nonzero amplitude–phase coupling factor, α,
destabilizes these steady states [8–10], leading to the emergence of multiple basins of attraction.
The cross intersections obtained from Eq. (??), highlighted by the red dots in Fig. 5 in the main
text, represent the time-delayed phase difference

η∗
i (t) ≈ Ω f it

i τ + φi(t)− φi(t − τ).
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In the case of complete synchronization, the solutions of ηi become independent of the laser index
i and reduce to

η∗ ≈ Ω f itτ = 2π ffinalτ,

for φi(t) ≈ φi(t − τ). To compensate for frequency disorders and ensure that η∗ is independent
of the laser index i, the effective coupling must be sufficiently strong: For an arbitrary laser i, the
effective coupling strength should exceed the effective detuning, i.e., Ki > Kc

i = |Fi|, or

kin
i > |∆i|/

√
1 + α2.

Here, Kc
i represents the critical effective coupling strength required for laser i to sustain steady-

state solutions. When the effective coupling exceeds this threshold, the solutions of ηi for all lasers
can reside within the same regime, 1 + Ki cos(η + ϕ) > 0, corresponding to near-synchronized
steady states. In this regime, the maximum final frequency difference is determined by the
width of the allowed range. As the effective coupling continues to increase, the final frequency
difference gradually decreases, while the presence of nonzero amplitude–phase coupling induces
the formation of multiple attractors and ultimately triggers the onset of chaotic dynamics. A more
detailed discussion of these behaviors is presented in the next section.

5. PHYSICAL UNDERSTANDING OF THE OPTIMAL SPARSE NETWORK STRUCTURE

A. Direct intuition for the hub structure
The complete frequency and phase synchronization in the steady state remains challenging for
homogeneous all-to-all coupled networks, due to the non-negligible effects of frequency disorder.
Starting from the generalized time-delayed Kuramoto model in Eq. (S8), a fully synchronized
steady state requires identical frequency and phase evolution in the radial part, i.e., Ωi(t) ≈
Ωj(t) ≈ Ωst + φs(t). This leads to the relation

Ωi(t)− Ωj(t − τ) = Ωsτ + φs(t)− φs(t − τ).

Substituting it into the phase dynamics in Eq. (S8) yields:

Ωs + φ̇s(t) = ∆i−
√

1 + α2 sin
[
Ωsτ + φs(t)− φs(t − τ)

+ tan−1 α + ω0τ
] M

∑
j=1

Kij, (S19)

where the homogeneous all-to-all coupling implies the constant coupling strength per laser:

M

∑
j=1

Kij = kin
i = κ(M − 1)

for all i. This uniformity limits the system’s ability to satisfy the phase dynamics equation across
all ∆i, thereby precluding a fully synchronized solution when the effect of frequency disorder is
non-negligible.

Can an optimal solution be found which supports complete frequency and phase synchro-
nization for inhomogeneous networks? In this case, the quantity ∑M

j=1 Kij can vary with the

laser index i, denoted as kin
i . This leads to variations in the oscillation amplitude ∝ kin

i , which,
if appropriately configured, can reduce the number of steady-state solutions and shrink the
final frequency differences within the regime satisfying 1 + Ki cos(η + ϕ) > 0. However, if the
variation is too large or deviates significantly from the optimal configuration, synchronization
deteriorates—consistent with the results shown in Fig. S1.

Moreover, Eq. (S19) suggests that, to compensate for the effects of frequency disorder, the
coupling strength per laser should be proportional to the frequency detuning, i.e., kin

i ∝ c(t)∆i,
where c(t) is a general time-dependent coefficient arising from the time-dependent phase terms.
This hub relationship is a necessary but not sufficient condition for the optimal sparse network.
By significantly reducing the number of steady-state solutions and adaptively adjusting the
effective coupling strength for each laser, these structures enable near-complete frequency and
phase synchronization.

10



B. Sparse network analyzed via the thermodynamic potential theory
Based on the thermodynamic potential theory, a more quantitative understanding can be gained.
In particular, for a sparse network with a binary sparse matrix in the presence of frequency
disorder, the thermodynamic potential associated with each laser takes the form

U(ηi(t)) = η2
i (t)− 2τ∆iηi(t)− 2τ

√
1 + α2κ f ξi cos[ηi(t) + tan−1 α + ω0τ]), (S20)

where kin
i = κ f ξi with κ f = 1 ns−1 denoting the feedback coupling coefficient and ξi representing

the number of connections for the ith laser due to the binary sparse nature of the network. To
simplify, the effective coupling per laser is

Ki ≡ τ
√

1 + α2κ f ξi.

The total number of connections is given by

M

∑
i=1

ξi = χ M(M − 1). (S21)

The underlying physical picture is that the island-based genetic algorithm constructs optimal
sparse networks in which variations in ξi across different lasers compensate for the effects
of frequency disorder. Beyond this tailored design for disorder compensation, the imposed
sparsity also reduces the overall effective coupling strength, thereby mitigating multistability and
promoting stable synchronized dynamics. Consequently, the networked laser system evolves
toward a steady state characterized by both frequency and phase synchronization.

(𝑎) (𝑏) (𝑐)

(𝑑) (𝑒) (𝑓)

(𝑔) (ℎ) (𝑖)

𝑛𝑠−1 𝑛𝑠−1 𝑛𝑠−1

𝑛𝑠−1 𝑛𝑠−1 𝑛𝑠−1

𝑛𝑠−1 𝑛𝑠−1 𝑛𝑠−1

Fig. S6. Optimal sparse coupling matrices for nine different frequency-disorder realizations. (a-
i) Binary color-encoded optimized coupling matrices corresponding to the frequency disorder
∆ = 14 ×N (0, 1) rad/ns, generated using random seeds rng(0) to rng(9), excluding rng(1).

To compensate for frequency disorder in Eq. (S17) and Eq. (S18), the effective coupling strength
for each laser must exceed its effective detuning, i.e., Ki > |Fi| = τ|∆i|. This condition imposes a
lower bound on the number of connections ξi for the i-laser such that

ξi > |∆i|/(κ f
√

1 + α2)

11



ensuring the existence of steady-state solutions at small values and a narrow region of η. This
criterion is consistent with the observed hub structure, where lasers with larger local detuning
require a greater number of connections to maintain synchronization, as shown in Fig. S6. Fig-
ures S6(a–i) display the optimized sparse binary coupling matrices corresponding to different
realizations of the frequency disorder. The row sum of each matrix, representing the number of
connections of laser i, further supports the trends reported in the main text by illustrating how
connectivity adapts to local detuning variations.

Accordingly, the extreme detuning sets the lower bound for the optimal number of connections
ξ∗ required to achieve synchronization across all lasers. Under the frequency disorder profile
∆i = 14 × N (0, 1) rad/ns with M = 24, the extreme detuning magnitude is approximately
|∆0| ≈ 30 rad/ns, so

ξ∗ > |∆0|/(κ f
√

1 + α2).

Since the network connectivity parameter χ can be related to the number of connections by
⟨ξi⟩ = χ(M − 1) ns−1 due to Eq. (S21), we get

χ∗ > χc = |∆0|/[κ f (M − 1)
√

1 + α2] ≈ 0.26. (S22)

This estimate aligns with the simulation results in Fig. S2, where all synchronization peaks occur
within the connectivity range of approximately 0.3 to 0.4. It also derives the scaling relation
χ∗ ∝ 1/(M − 1), consistent with the numerical results in Fig. 3 in the main text.

As illustrated in the schematic diagram in Fig. 5(a) of the main text, a uniform oscillation
amplitude resulting from homogeneous all-to-all coupling does not guarantee consistency among
all intersection points, η∗. This inconsistency indicates that the corresponding dynamic angular
frequencies, Ωfit = η∗/τ, differ across lasers. Introducing sparsity into the network, by scaling
the coupling strength with the number of connections, ξi, for each laser, helps fine-tune these
intersections. As shown in Fig. 5(b) of the main text, variations in ξi adjust the values of η∗,
bringing them into closer alignment. Furthermore, allowing an adaptive number of connections,
ξi, substantially reduces the number of steady-state solutions and confines them to a narrower,
lower-frequency domain compared with the homogeneous all-to-all coupling configuration.

6. ROBUSTNESS OF SYNCHRONIZATION IN SPARSE LASER NETWORKS

A. Robustness against dynamic and initial-state noises
Incorporating the dynamic and initial-condition noises into the Lang-Kobayashi equations leads
to the following stochastic differential equations [4]:

dEi(t)/dt =
1 + iα

2

(
g

Ni(t)− N0

1 + s|Ei(t)|2
− γ

)
Ei(t) + i∆iEi(t)

+ e−iω0τ
M

∑
j=1

KijEj(t − τ) + FEi ,

dNi(t)/dt = J0 − γn Ni(t)− g
Ni(t)− N0

1 + s|Ei(t)|2
|Ei(t)|2 + FNi . (S23)

Depending on the wavelength, the natural frequency of the diode lasers lies on the order of 102

THz, which poses challenges for numerical simulation. It is conventional to adopt a rotating frame
at the reference frequency ω0 ≡ 2kπ/τ for some integer k so that the shift factor exp[−iω0τ]
accounts for the phase accumulation induced by the time delay. Thus, the detuning of the i-th laser
with true angular frequency ωi is ∆i = ωi − ω0. The steady state of the uncoupled free-running
lasers, Es

i (t) = rs exp[i∆it], where rs is the steady-state electric field amplitude and Ni(t) = Ns,
over the interval t ∈ [−τ, 0] can be set as the initial condition for fast convergence, where

r2
s = [J0 − γn(γ/g + N0)]/[γ(1 + γns/g)],

Ns = (1 + sr2
s )γ/g + N0.

A major source of dynamic noise in the diode lasers is spontaneous emission in the electric field
given by [4]

⟨FEi (t), F∗
Ej
(t′)⟩ = Rspδijδ(t − t′), (S24)
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with Rsp being the spontaneous emission noise strength. This is essentially a Gaussian white
noise. Another source of dynamic noise is the stochastic fluctuations in the carrier dynamics,
which is multiplicative with intensity proportional to the carrier number:

⟨FNi (t), FNj (t
′)⟩ = γn Ni(t)δijδ(t − t′). (S25)

In addition to the noises due to spontaneous emission and carrier-number fluctuations, the initial
conditions in the time-delay buffer are also subject to stochastic fluctuations, giving rise to another
source of Gaussian noise in the complex electrical field and carrier number:

ℜ[Es
i (t)](1 + σinitN (0, 1)), ℑ[Es

i (t)](1 + σinitN (0, 1)), Ns(1 + σinitN (0, 1)). (S26)

In our simulations, the Gaussian random variables in (S26) are independently generated for each
laser and for each point in the initial time-delay interval. We integrate Eq. (S23) using MATLAB’s
dde23 solver [11] in the noise-free case and employ the Adams–Bashforth–Moulton stochastic
integration method [12] for the case with dynamic noise.

(𝑎) (𝑏)

Fig. S7. Robust synchronization against dynamic and initial-condition noises. The optimal
sparse laser network is from Fig. 2 in the main text, obtained from the island-based genetic
algorithm. (a,b) Color-coded plot of the average synchronization strength ¯⟨S⟩ and the standard
deviation of ⟨S⟩, respectively, in the 2D parameter plane of (Rsp, σinit), where four values are
chosen for each parameter: Rsp = {5, 10, 50, 100} ns−1 and σinit = {10−6, 10−4, 10−2, 10−1}. For
each combination of {σinit, Rsp}, ⟨S⟩ is calculated using 100 independent realizations, which are
used to calculate the the quantities ¯⟨S⟩ and σ̄⟨S⟩.

Our goal is to assess how robust the optimal sparse network in Figs. 2(b) and 2(c) of the main
text is against the dynamic and initial-condition noises by calculating the average synchronization
strength ¯⟨S⟩ in the 2D parameter plane of (Rsp, σinit). The results are shown in Figs. S7(a) and S7(b).
Even under 10% initial-condition noise (σinit = 0.1) and relatively large spontaneous emission
noise (Rsp = 100 ns−1), stable and strong synchronization can be achieved, with fluctuations in
the synchronization strength within about 0.2%. The results in Figs. S7(a) and S7(b) indicate that
the optimal sparse networks found by the genetic algorithm can achieved robust synchronization
against different types of noises in the diode lasers.

B. Robustness against random variations in frequency detuning, coupling strength, and pump
rate

The optimal sparse network in Fig. 2(b) and 2(c) in the main text was obtained for a fixed set
of frequency detuning disorders. What is the effect of random fluctuations in the frequency
detuning on synchronization? To answer this question, we perturb the frequency disorder ∆i
to ∆i + σωN (0, 1), where N (0, 1) denotes a standard Gaussian random variable of zero mean
and unit variance, as illustrated in Fig. S8(a). Remarkably, even when the perturbation strength
σω reaches approximately 35% of the original disorder strength σ∆, the synchronization strength
⟨S⟩ decreases only modestly: from 0.96 to 0.90 (a mere 6.7% reduction) as shown in Fig. S8(b).
This result suggests that, insofar as the relative ordering of the frequency disorder magnitudes is
preserved as shown in Fig. S8(a), strong frequency and phase synchronization associated with the
optimal sparse network can be robustly maintained.
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Shift

𝜎𝜔 ∕ 𝜎Δ =0.7 

𝜎𝜔 ∕ 𝜎Δ =0.36

𝜎𝜔 ∕ 𝜎Δ = 0.2

Shift

(𝑑)(𝑐)

Fig. S8. Robustness in synchronization of the optimal sparse network against perturbations in
frequency disorder, nodal coupling strength, and pump rate with the initial frequency standard
deviation of σ∆ = 14 rad/ns. (a) Perturbation applied to the frequency detuning: ∆i → ∆i + δωi,
where δωi = σω N (0, 1), with N (0, 1) denoting a standard Gaussian random variable of zero
mean and unit variance. Shown is the relative frequency detuning, shifted by 40 rad/ns, for
σω = 3, 5 and 10 rad/ns, with standard error bars calculated from 100 random realizations.
(b) Resulting synchronization strength as a function of σω for σω = 0.1, 0.5, 1, 3, 5, 10 rad/ns,
normalized by σ∆. Error bars denote the standard deviation over 100 random realizations at
each σω . (c) Synchronization strength ⟨S⟩ under perturbations to the nodal coupling strength:
Kij → Kij + δKij, where δKij = σκ U(0, 1), for σκ = 0.01, 0.03, 0.05, 0.08, 0.1, 0.15, 0.2, 0.25, 0.3 ns−1.
The mean coupling value is obtained by ⟨Kij⟩ = ∑ij Kij/M2 ≈ χ∗. (d) Threshold pump rate
Jth = γn(N0 + γ/g). The pump is scanned over J/Jth ∈ [1, 10], and the corresponding synchro-
nization measure ⟨S⟩ is plotted as a function of J/Jth. In the present study, the operating pump
is J0 = 4Jth ≈ 3.67 × 108 ns−1.

What is the effect of random perturbations in the nodal coupling strengths of the optimal sparse
network on synchronization? To answer this question, we introduce perturbations to the coupling
matrix in the form Kij + σκU(0, 1), where U(0, 1) denotes a uniform random variable, as shown
in Fig. S8(c), and the perturbations make the coupling configuration no longer binary. We find
that the synchronization strength decreases approximately linearly as the perturbation strength
σκ increases. The mean coupling is given by ⟨Kij⟩ = ∑ij Kij/M2 ≈ χ∗ in the optimized sparse
coupling network. As shown in Fig. S8(c), a 25% perturbation by σκ/⟨Kij⟩ leads to a comparable
reduction in synchronization strength from 0.96 to 0.90 (a 6.7% reduction).

The pump rate also influences the degree of synchronization. When the pump rate is too
low, the electric field is insufficiently excited, hindering synchronization. Conversely, when
the pump rate is excessively high, the electric field saturates, offering no additional benefit to
synchronization. In our analysis, the pump rate is evaluated in normalized form, J/Jth ∈ [1, 10].
As the pump rate decreases from its original value [J = 4Jth in our study], synchronization tends
to decline; however, a 13% reduction still yields a high synchronization level with ⟨S⟩ > 0.9. In
the opposite direction, increasing the pump rate beyond the original value leads to a saturation
effect, with synchronization remaining nearly constant at higher pump levels.

Taken together, the results in Fig. S8 demonstrate the synchronization robustness of the optimal
sparse network against perturbations in the frequency disorder, the nodal coupling strength and
pump rate.
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(𝑎) (𝑏) (𝑐)

(𝑑) (𝑒) (𝑓)

(𝑔) (ℎ) (𝑖)

𝜚 𝜚 𝜚

𝜚 𝜚 𝜚

𝜚 𝜚 𝜚

Fig. S9. Demonstration of the capability of island genetic algorithm in generating near opti-
mal solutions of sparse network matrices. (a-i) Synchronization strength ⟨S⟩ for “mixed” op-
timal sparse networks. Five optimal networks are first generated by the genetic algorithm for
M = 24 and ∆ = 14 ×N (0, 1) rad/ns (from random seed rng(1)). The coupling matrices are
interpolated (or “mixed”) using the mixing parameter ϱ ∈ [0, 1] - see text for details. For each
value of ϱ, 100 random realizations are used to calculate the average ⟨S⟩ value and its standard
deviation. The fact that the ⟨S⟩ values in all cases remain high with relatively small variations
implies that the genetic algorithm is capable of exploring diverse regions of the solution space
to produce the optimal sparse network.

C. Optimization landscape for island genetic algorithm
In the main text, the random frequency disorder is generated according to ∆ = 14×N (0, 1) rad/ns
with the random seed rng(1) for a network of M = 24 lasers. Each independent run of the island
genetic algorithm produces a distinct optimal sparse matrix that defines the network. Do these
different optimal networks still possess a similar synchronization capability/behavior? As the
optimal solutions correspond to some valley (peak) or minima (maxima) on the optimization
landscape, equivalently one can ask whether the optimal networks (matrices) lie within the same
basin of attraction [13]?

To address this question, we “mix” the optimal networks on a pairwise base and introduce
a parameter ϱ ∈ [0, 1] to characterize the mixing. In particular, for a given frequency disorder
configuration, five independent executions of the island-based genetic algorithm with identical
hyperparameters but different random seeds yield five optimal coupling matrices, denoted as
KGA

i for i = 0, 1, 2, 3, 4. Since each matrix is required to be binary, a direct interpolation is not
applicable. Instead, for any pair of matrices KGA

i and KGA
j , we define the difference matrix as

∆KGA
ij = KGA

i − KGA
j , whose zero elements correspond to the connections shared by the two

matrices. To quantify the difference, we count the number of elements in the upper triangular
part of ∆KGA

ij with values equal to −1 ns−1 and 1 ns−1, denoted as N−1
ij and N1

ij, respectively.
Since all five optimal coupling matrices have the same connectivity level, the total coupling cost
is identical across them, meaning that the total numbers of edges of the five matrices are the same,

15



implying N−1
ij = N1

ij. In fact, N−1
ij is the number of links absent in KGA

i but present in KGA
j , i.e.,

{(m, n)|∆KGA
ij (m, n) = −1 ns−1}, with N1

ij corresponding to the links present in KGA
i but absent

in KGA
j . In the mixing process, we retain all the common links (i.e., those with ∆KGA

ij = 0) but
modify the rest by randomly selecting a fraction ϱ of the distinct links. Specifically, we randomly
add ϱN−1

ij links from the set in which KGA
j has connections but KGA

i does not, and remove ϱN1
ij

links from the set where KGA
i has connections but KGA

j does not. The resulting mixed matrix

constructed from KGA
i and KGA

j , denoted as KGA
mix, preserves the properties of being binary and

symmetric with zero-diagonal constraints as described in the main text. By this construction, for
ϱ = 0, we recover KGA

mix = KGA
i and, for ϱ = 1, we have KGA

mix = KGA
j .

The optimization landscape revealed by this mixing process is illustrated in Figs. S9(a–i), where
pairwise mixtures are performed among five independently optimal sparse coupling matrices.
Each matrix differs from the others by approximately 30% of the links, yet all leading to similarly
high synchronization performance, indicating that the genetic algorithm has effectively identified
some local optimum with a relatively large basin of attraction. Note that, if the level of consistency
in synchronization decreased, the mixed network configurations would reside in distinct valleys
of a rugged, non-convex optimization landscape. Thus, even if there are multiple, well-separated
basins of attraction, the genetic algorithm is capable of exploring diverse regions of the solution
space to produce the optimal sparse network, in spite of the lack of guarantee that the algorithm
would find the global optimum.

While the global optimum is unknown, the island genetic algorithm consistently discovers
distinct, high-quality local optima in the sense of near-maximal synchronization, highlighting the
algorithm’s robustness and its ability to perform reliably in complex, non-convex combinatorial
optimization problems. We find that, in the worst case of the mixing process, the synchronization
measure remains about ⟨S⟩ = 0.9, corresponding to only a 5% reduction from the best achievable
value, further illustrating the robustness of the optimization landscape.

𝑟𝑛𝑔(1) 𝑟𝑛𝑔(1)

𝑟𝑛𝑔(3)

(𝑎) (𝑏)

(𝑐) (𝑑)

𝑟𝑛𝑔(3)

𝑟𝑛𝑔(49) 𝑟𝑛𝑔(49)

(𝑒) (𝑓)

(𝑔) (ℎ)

Fig. S10. Synchronization comparison between stepwise and smooth coupling ramps. Panels
(a,b) illustrate two strategies for ramping the coupling strength, discontinuous (stepwise) and
continuous via (Kij(t) = Kij/[1 + exp[−[t − 10]]]), with the same target coupling configuration.
Panels (c–h) report synchronization outcomes for three distinct frequency-disorder realizations
(labeled by rng). Discontinuous ramps appear in (c,e,g), while continuous ramps appear in
(d,f,h). In each pair (c,d), (e,f), and (g,h), the final coupling configuration after tens of nanosec-
onds is the same and fixed.
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D. Synchronization under time-dependent coupling ramping
In our simulations so far, a discontinuous coupling profile over time is assumed, where the
strength of each coupling element is turned on abruptly to a nonzero constant at t = 0, as
shown in Fig. S10(a). Will a smooth, continuous coupling ramp, as shown in Fig. S10(b), affect
synchronization? Figures S10(c–h) show, for M = 24, the time evolution of synchronization
under several optimized sparse coupling configurations with a hub structure. These results
indicate that, for a given coupling topology, different ramping schemes can have no significant
effect on the final synchronization, in spite of small differences in the dynamical behavior of the
synchronization measure. Overall, the choice of the way by which coupling is turned on has little
effect on the final synchronization.

REFERENCES

1. N. Chopra and M. W. Spong, “On exponential synchronization of Kuramoto oscillators,”
IEEE Trans. Autom. Control. 54, 353–357 (2009).

2. A. Jadbabaie, N. Motee, and M. Barahona, “On the stability of the Kuramoto model of
coupled nonlinear oscillators,” in Proc. Amer. Control Conf. (ACC), 2004, vol. 5 (IEEE, 2004),
pp. 4296–4301.

3. F. Dörfler and F. Bullo, “On the critical coupling for kuramoto oscillators,” SIAM J. Appl.
Dyn. Syst. 10, 1070–1099 (2011).

4. N. Nair, K. Hu, M. Berrill, et al., “Using disorder to overcome disorder: A mechanism for
frequency and phase synchronization of diode laser arrays,” Phys. Rev. Lett. 127, 173901
(2021).

5. R. Lang and K. Kobayashi, “External optical feedback effects on semiconductor injection
laser properties,” IEEE J. Quantum Electron. 16, 347–355 (1980).

6. M. S. Yeung and S. H. Strogatz, “Time delay in the kuramoto model of coupled oscillators,”
Phys. Rev. Lett. 82, 648 (1999).

7. D. Lenstra, “Statistical theory of the multistable external-feedback laser,” Opt. Commun. 81,
209–214 (1991).

8. H. G. Winful and S. S. Wang, “Stability of phase locking in coupled semiconductor laser
arrays,” Appl. Phys. Lett. 53, 1894–1896 (1988).

9. H. G. Winful and L. Rahman, “Synchronized chaos and spatiotemporal chaos in arrays of
coupled lasers,” Phys. Rev. Lett. 65, 1575 (1990).

10. L.-L. Ye, N. Vigne, F.-Y. Lin, et al., “Disorder-mediated synchronization resonance in coupled
semiconductor lasers,” (2025).

11. L. F. Shampine and S. Thompson, “Solving ddes in matlab,” Appl. Numer. Math. 37, 441–458
(2001).

12. R. Toral and P. Colet, Stochastic numerical methods: An introduction for students and scientists
(John Wiley & Sons, 2014).

13. F. Langhojer, D. Cardoza, M. Baertschy, and T. Weinacht, “Gaining mechanistic insight from
closed loop learning control: The importance of basis in searching the phase space,” J. Chem.
Phys. 122 (2005).

17


